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2 · SETUP — ONE ANALYTIC, FROM IDEA TO CLIENT

We'll follow one analytic from idea to client 
— not to show five AI demos, but to look at 
what happens when agents participate in 
the work.
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Explore → Understand → Build → Operate → Deliver

3 · THE LIFECYCLE

1

Explore

research & 
methodology

2

Understand

is the data fit for 
purpose?

3

Build

methodology into 
production code

4

Operate

validate, monitor, 
troubleshoot

5

Deliver

governed analytics in 
the client's workflow

Foundation:  Data  ·  Context  ·  Tools  ·  Governance  ·  Evals

Client questions become new research
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Explore: designing the investigation

4 · EXPLORE · AGENT AS ASSISTANT

Before

• Searches documents and prior research

• Reviews existing methodologies

• Hunts for candidate datasets

• Forms hypotheses

• Sets the plan

With agents

• The human frames the problem

• The agent gathers context and surfaces methodological options, 

assumptions and open questions

• The plan is settled together

• The researcher owns whether it is sound and defensible

The hard part isn't producing the answer. It's designing the investigation.
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Understand: fitness for purpose

5 · UNDERSTAND · AGENT AS ANALYST

The data platform

• Governed datasets and definitions

• Semantic layer and lineage

• Entitlement-based access

The agent

• Profiles coverage and missingness

• Flags outliers and distribution shifts

• Tests for hidden bias

The human

• Approves proxies and exclusions

• Adapts methodology to data reality

• Signs off for production

Finding data is a search problem. Deciding whether it's the right data is an analytical 
problem.
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From methodology to production code

6 · BUILD · AGENT AS COLLABORATOR

The leap isn't that AI can write Python. It's giving AI enough structure and context to turn 

analytical intent into reliable implementation.

Methodology requirement Implementation Test

Minimum 36 months of history Eligibility function
Boundary tests at 35, 36 and 37 
months

Cap extreme observations Outlier-processing module Extreme-value test

Use category-relative comparison Peer-group calculation Category membership test
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What monitoring tells you today

7 · OPERATE · THE ALERT

ALERT 04:12 UTC

Calculation variance exceeded threshold.

That is everything traditional monitoring tells you.

Not why.  Not who is affected.  Not what to do next.
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From alert to evidence-backed diagnosis

8 · OPERATE · AGENT AS INVESTIGATOR

The agent's response Bounded autonomy

The change affects 2.8% of portfolios, concentrated 

in three fixed-income categories. Most likely cause: 

a classification update in today's holdings load. The 

calculation service is healthy. Reprocessing with the 

prior classification restores expected results. 

Human approval required before rollback.

Observe

Investigate

Recommend

HUMAN APPROVES

Execute

Verify

Triage time drop to hours instead of days

The first win isn't autonomous remediation. It's collapsing the time from detection to diagnosis.
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From field names to client intent

9 · DELIVER · AGENT AS INTERFACE

Before

• Know which product holds the analytic

• Know which field to use

• Know how to interpret it

• Know what limitations apply

Now

• Interprets client intent

• Selects approved analytics and retrieves entitled data

• Explains the result and cites methodology

• Surfaces limitations

“Which funds in this portfolio have the highest downside risk, and what's driving it?”

Grounded in governed data, approved analytics, published methodologies and client entitlements — it does not invent a 
new analytic.
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Data Product -> API -> Agentic Capability

10 · THE PAYOFF

APIs distribute data to 

applications.

Agents distribute analytical 

capability into decisions.
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Teammates have roles. Agents should too.

11 · BUILT, NOT HYPOTHETICAL

Not one super-agent — specialized roles with explicit hand-offs and human decision points.

1

EXPLORE

Research agent

Surfaces methodology 
options

Human frames the 
problem

2

UNDERSTAND

Data agent

Profiles fitness for 
purpose

Human approves the 
proxies

3

BUILD

Build agent

Intent into tested 
code

Human reviews the test 
suite

4

OPERATE

Diagnostic agent

Alert to root cause

Human authorizes 
rollback

5

DELIVER

Interface agent

Intent to governed 
answer

Human confirms the 
match

medalist-rating-analyzer

Search → fetch and normalize across three MCP tools → format the 
report. The user selects the matching fund before anything is 
fetched.

medalist-rating-methodology

Formulas, scales and framework behind the rating. Explicitness 
gate: answer only what the source states. Fund-specific lookups 
hand off to the analyzer.



13

What is the Medalist Rating?
USE CASE

One rating. Three pillars + price. Updated methodology rolled out Apr–May 2026 with fixed thresholds and category-average benchmarks.

175K  ·  360K+
traditional funds/ETFs  ·  all vehicles globally
rated as of Mar 31, 2026

3,200+
fund strategies
qualitatively rated by analysts

130
global researchers
manager research team

HOW IT'S ASSIGNED

Analyst
Qualitative pillar ratings

Algorithm
Quantitative rules-based model
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How a question becomes an answer

FROM QUESTION TO ANSWER

USER INTENT “Why did this fund's rating change?”

IDENTIFY Resolve the fund

ASSEMBLE Research + data + history

APPLY Methodology + governed rules

INTERPRET Explain what changed and why

DECISION CONTEXT Give the user an actionable answer
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Specialized skills, explicit handoffs

SKILLS ARCHITECTURE

Not one super-agent — two governed skills with clear roles

MORNINGSTAR MCP SERVER

1 RESOLVE Fund name / ticker / ID → correct investment

HUMAN CHECKPOINT — identifier ambiguous?
Yes → ask the user to clarify.   No → continue.

2 FETCH Identity · research · data + history

3 PRESENT Rating · pillar scores · history

Formulas

Rating scales

Caps and buffers

Eligibility rules

Refresh cadence

FUND-SPECIFIC QUESTION → HAND OFF TO THE ANALYZER

Specialized roles. Explicit contract. Human checkpoint. Clear ownership.

medalist-rating-analyzer

Search → fetch and normalize across three MCP tools → 
format the report. The user selects the matching fund before 

anything is fetched.

medalist-rating-methodology

Formulas, scales and framework behind the rating. Explicitness gate: 
answer only what the source states. Fund-specific lookups hand off to 
the analyzer.
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11 · BUILT, NOT HYPOTHETICAL
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What makes this trustworthy

12 · THE FOUNDATION

Governed data

Trusted, 
lineage-traced, 
entitlement-
aware

Semantic 
context
Definitions, 
methodologies 
and meaning a 
machine can 
read

Tools

The 
Morningstar 
MCP Server: 
real systems 
agents can act 
in

Governance

The explicitness 
gate: answer 
only what the 
source states

Evaluation

Benchmarks, 
failure analysis, 
domain experts 
in the loop

The organizations best positioned for this aren't the ones with the best model. They're the ones whose data, 
definitions, methodologies and lineage are accessible to machines.
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At what point did these stop looking like tools?

13 · CLOSE

Not when they became conversational. Not when they could generate code.

They started looking like teammates when they could take a goal, use our data and tools, do a bounded 

piece of work, evaluate the result — and know when to bring a human back in.

THE ASK

Make our data, definitions, methodologies and lineage machine-accessible. That is the prerequisite for 
everything shown here.
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Get in touch
THANK YOU!

Anusha Dwivedula
Director of Product, 

Analytics, Morningstar

Josh Charney
Associate Director of Quantitative 

Research, 
Analytics, Morningstar.


	MAIN
	Slide 1
	Slide 2
	Slide 3
	Slide 4
	Slide 5
	Slide 6
	Slide 7
	Slide 8
	Slide 9
	Slide 10
	Slide 11
	Slide 12
	Slide 13
	Slide 14
	Slide 15
	Slide 16
	Slide 17
	Slide 18
	Slide 19


